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T
his article examines whether courts 

can employ large language models 

(LLMs) like those produced by An-

thropic (Claude), Google (Genesis), 

Open AI (ChatGPT), xAI (Grok), and others as 

tools for determining the meaning of words 

and phrases used in insurance policies. A 

provocative concurring opinion from the 

Eleventh Circuit case Snell v. United Specialty 

Insurance Co.1 raises and examines this issue, 

and its implications are further explored 

here. A detour into the LLM world raises 

serious questions of “accuracy and reliability, 

efficiency, accountability and transparency, 

fairness and bias, and security and privacy.”2

The Plain and Ordinary Meaning 
of Insurance Policies 
Colorado’s long-standing black letter rule 

is that words used in insurance policies, as 

with other contracts, should be given their 

plain and ordinary meaning unless the policy 

expressly shows that the parties intended 

an alternative interpretation.3 An insurance 

contract’s meaning is not determined by 

“experts” in the construction of insurance 

contracts.4 Rather, an insurance contract must 

be construed by reference to the meaning a 

person of ordinary intelligence would attach to 

it.5 An “insurance company has an obligation 

to write the critical portions of its policies in 

plain English and with such precision that 

a reasonable lay person can, by reading the 

policy, understand the coverage provided.”6 

Colorado courts rarely examine the intent 

of the parties to an insurance contract. In-

stead, they usually resolve any uncertainty 

or ambiguity concerning coverage in favor of 

the policyholder. While a huge body of case 

law and commentary exists regarding how to 

decide if a term or phrase is ambiguous, and 

how to resolve that ambiguity, such discussion 

is beyond the scope of this article.

The Meaning of Technical 
or Specialized Terms
As with any general rule, there are exceptions. 

The policy itself may provide definitions for 

specific terms and phrases,7 and extrinsic evi-

dence is sometimes considered when construing 

technical or specialized terms.8

Reliance on Dictionary Meanings
Courts may rely on dictionary definitions to 

determine the plain and ordinary meaning 

of words.9 Sometimes different dictionaries 

provide differing definitions, and courts must 

determine which meaning best fits the context 

where a term is susceptible to more than one 

meaning. When a term is ambiguous, the term 

will be construed in favor of the insured and 

coverage.

The Emergence of Large 
Language Models
LLMs like ChatGPT 3.5 seemed like cool toys only 

a few years ago. Since then, they have evolved 

substantially (ChatGPT 3.5 has been supplanted 

by ChatGPT 5.5 as of June 2026). They are more 

powerful, their reach and limitations are better 

understood, and they have begun to reshape our 

world, our work, and our relationships. Although 

ostensibly constituting nothing more than 

sophisticated pattern recognition algorithms, 

programmed using and updated regularly on 

massive databases, they can seem like a modern 

miracle, mimicking human thought, speech, 

intuition, and emotion. Some believe—and 

not just futurists, science fiction writers, and 

cranks—that LLMs could become autonomous 

and sentient. But, in the meantime, here on 

planet Earth, they remain a useful tool, albeit 

subject to error and bias. Still, do they have a 

place in legal thought and analysis?

Judge Newsom’s Provocative 
Concurrence in Snell v. United 
Specialty Insurance Co.
In Snell, the Eleventh Circuit Court of Appeals 

held that where a landscaping company had 

dug a pit, built a retaining wall, and installed a 

trampoline with a decorative wooden cap, the 

insured’s alleged liability for a later resulting 

trampoline injury was not encompassed by 

the “landscaping” hazard coverage provided in 

the insured’s policy because, in its insurance 

application, the insured had denied engaging 

in “any recreational or playground equipment 

construction.”10 This part of the opinion is 

unremarkable. 

Definitions of words and phrases generated by artificial intelligence large language models 

may influence how courts interpret insurance policies and other contracts.

“
Colorado courts 

rarely examine the 
intent of the parties 

to an insurance 
contract. Instead, 

they usually resolve 
any uncertainty or 

ambiguity concerning 
coverage in favor of 

the policyholder.

”
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However, in what this author found to be a 

remarkable, lucid, somewhat self-deprecating, 

and smile-inducing (although maybe only for 

insurance geeks) concurrence, Judge Newsom 

posited that AI LLM definitions of words and 

phrases may offer an alternative and more 

accurate perspective than dictionaries on 

the common and ordinary meaning of those 

terms.11 He acknowledged that the court’s 

holding mooted his analysis, but onward he 

marched into the world of LLMs, asking the 

reader to humor and accompany him on his 

journey.12 He admits being “unabashedly a 

plain-language guy,” and that “[t]he ordinary 

meaning rule is the most fundamental semantic 

rule of interpretation,” quoting former Justice 

Scalia.13 After surveying a “buffet of [dictionary 

and encyclopedia] definitions,” he felt the exer-

cise “left a little something to be desired,” since, 

“[f ]rom their definitions alone, it was tough to 

discern a single controlling criterion.”14 He had 

a clerk query the meaning of “landscaping” on 

ChatGPT and had an “aha” moment, observing: 

“ChatGPT’s explanation seemed more sensible 

than I had thought it might—and definitely 

less nutty than I had feared.”15 

Judge Newsom expanded on his thinking, 

again in a concurrence, in United States v. 

Deleon.16 There, the Eleventh Circuit needed to 

determine whether the defendant’s victim was 

“physically restrained” under the US Sentencing 

Guidelines Manual, § 2B3.1(b)(4)(B), thereby 

justifying a sentencing enhancement.17 While 

the defendant pointed a gun and threatened the 

cashier-victim, he never touched the cashier, 

who remained behind the counter.18 Still, 

the court affirmed the enhanced sentence, 

concluding that it was bound by precedent.19

Concurring with the result, Judge Newsom 

again advocated for courts to consider the pos-

sible usefulness of LLMs, this time to help find 

the ordinary meaning of a composite phrase 

(“physically restrained”), rather than a single 

word (“landscaping”) as discussed in his prior 

concurrence.20 Judge Newsom pointed out that 

phrases are not typically defined by dictionaries, 

but are often broken down into their constituent 

word elements by courts, and then pieced 

back together “into a coherent whole.”21 Judge 

Newsom queried various LLMs for the meaning 

of “physically restrained” and found that the 

responses not only varied from LLM to LLM, 

but also varied within each LLM when identical 

queries were provided multiple times.22 Judge 

Newsom acknowledges being both surprised 

and concerned by these results (they “rocked 

[him] back on [his] heels”23), but, after further 

research and consideration, he realized that (1) 

LLM responses are “probabilistic,” meaning that 

slightly differing responses are both expected 

and intended from a technical standpoint, and 

that these are a “feature” not a “bug” of LLMs; 

and (2) although the LLM responses he got 

“exhibited some minor variations in structure 

and phrasing,” these “marginal divergences” 

are expected, and the responses “coalesce[d], 

substantively, around a common core—there 

was an objectively verifiable throughline.”24 

In the end, Judge Newsom concluded that 

the varying but similar LLM query responses 

“closely mimic what we would expect to see, and 

in fact do see, in everyday speech patterns.”25 

In other words, LLM variability in assessing 

“ordinary meaning” is a “virtue rather than a 

vice.”26 Judge Newsom concludes that “LLMs 

may well serve a valuable auxiliary role as we 

aim to triangulate ordinary meaning.”27

LLM Advantages
Judge Newsom identifies various bases sup-

porting the use of LLMs when interpreting 

words in insurance contracts, among other 

contracts and writings. LLMs (1) are trained 

on how people actually talk; (2) understand 

context, not just definitions; (3) are accessible 

and inexpensive; (4) may be more “transparent” 

than dictionaries; and (5) hold advantages 

over other empirical methods.28 A discussion 

of these benefits follows.

Actual Usage
LLMs are programmed based on the actual 

words found in internet text across disparate 

websites, including news articles, blogs, gov-

ernment records, professional websites, and 

regular conversation. These datasets may be 

superior to dictionaries in identifying ordinary 

usage. Dictionaries rely on small editorial teams 

reviewing a subset of published sources to 

establish definitions. In theory, an LLM defi-

nition of a term may be drawn from hundreds 

of billions of text samples based on actual 

usage by millions and millions of people—text 

generated by the highbrow and the lowbrow 

and everyone in between.29 Thus, the LLM may 

be better at identifying the “ordinary meaning” 

of words as used in “common speech.” Still, 

these massive databases do not tap into “pure 

offline uses,” such as private correspondence 

and conversations, which are absent from 

LLMs training pools of text.30

Context
Another advantage LLMs may have over dic-

tionaries is their ability to assess how words 

are used in context—Judge Newsom describes 

them as “high-octane language-prediction 

machines.”31 “GPT” means “generative pre-

trained transformer”—a computer program 

that creates new content after being trained 

on massive datasets to understand language 

patterns and uses a specialized “neural network 

architecture” to understand context and rela-

tionships within text.32 Contextual “sensitivity” 

allows an LLM to find a meaning that fits how 

a term is used in the actual contract a court is 

construing rather than all the possible meanings 

of that word. LLMs are designed “to detect 

language patterns at a granular level,” and 

these patterns illuminate what words mean 

in various contexts, so that they understand 

the difference between an echo-locating flying 

mammal and the lever Aaron Judge uses to 

smash dingers.33

Access and Expense
Ignoring the monthly cost of subscribing to 

one of the latest and greatest LLM models, 

individual queries cost users pennies or nothing 

to employ, and running queries and obtaining 

responses happen at the speed of electricity. 

The cost of accessing specialized legal databases 

or employing linguistic experts or conducting 

public surveys can be avoided. LLMs “lever-

age” inputs from ordinary people while also 

being available to ordinary people, thereby 

“‘democratizing’ the interpretative enterprise.”34 

While online dictionaries are similarly cheap, 

access to the most comprehensive dictionaries’ 

resources often lies behind a paywall.35
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A Better Tool
Although debatable, Judge Newsom forcefully 

argues that LLMs are more “transparent” and 

“reliable” than dictionaries.36 While many treat 

dictionaries as authoritative, most people do 

not appreciate who decides a given word’s 

definition, their qualifications and biases, what 

sources they draw on, and how they order the 

various meanings a given word may have within 

the definition itself. Although most reputable 

dictionaries explain how they are compiled and 

how human judgment is employed to arrive at 

a word’s definition or definitions, the process 

is less transparent than it may appear. Then, 

afterward, judges may engage in “comparative 

weighing” of definitions that vary across the 

dictionary corpus (an exercise a cynic might 

refer to as “dictionary shopping”).37 

While Judge Newsom recognizes our similar 

lack of “perfect knowledge” about the training 

data and algorithms that LLMs employ, he 

argues that one should consider the real possi-

bility that LLMs may be a powerful tool to add 

to a judge’s interpretive arsenal.38 Moreover, 

the LLM query that elicited a term’s meaning 

can be revealed: the precise prompt, the LLM 

model employed, and the LLM’s verbatim 

response. Also, various LLM model responses 

can be compared and contrasted, and the same 

query can be run to test its consistency. The 

LLM can be asked to rate its “confidence” level 

in its response and even identify weaknesses 

in its programming and methodology.

LLM Risks
Judge Newsom also identifies various reasons 

why the use of LLMs should be employed 

with caution: (1) their propensity for “hal-

lucinations,” (2) the underrepresentation of 

offline communities, (3) the risk of strategic 

manipulation of queries, and (4) the risk of 

letting machines assume human decision-mak-

ing responsibilities.39 A discussion of these 

concerns follows.

Hallucinations
Judge Newsom agrees that LLMs’ well-publi-

cized “hallucinations,” including the fabricated 

legal citations that have showed up in some 

briefs, are a real problem.40 However, he sug-

gests that as technology improves and users 

become more aware, this problem will dissipate 

over time, and that it is less of an issue when 

seeking the ordinary meaning of a word or 

phrase than when searching for a specific 

answer to a specific question.41

Underrepresentation
Datasets used to train LLMs may not adequately 

reflect the ordinary meaning of words used 

by people with limited internet access—a 

community that Judge Newsom postulates 

is disproportionately comprised of “minori-

ties” (his word) and rural dwellers.42 But, 

he maintains that this same problem taints 

dictionary definitions.43 Still, with an increase 

in the number and quality of speech-to-text 

transcription and translation programs, those 

who might never have put pen to paper now 

have a conduit to add their speech to the 

internet’s expanding dataset.

Manipulation
It is possible that judges, lawyers, sophisticated 

litigants, and others may seek to poison the well 

by using “LLMs [to] strategically [] reverse-engi-

neer a preferred answer,” by “shopping around 

among the available models or manipulating 

queries.”44 Of course, a similar problem exists in 

a non-LLM world, as lawyers and judges have 

been known to “cast about for advantageous 

dictionary definitions and exploit the inter-

pretive canons.”45 On balance, Judge Newsom 

concludes that LLM responses are less subject 

to manipulation if their use is accompanied by 

adequate and detailed disclosure.46

Also, parties may try to distort the data 

upon which LLMs train and base their query 

responses, especially if those parties are the 

companies that generate the LLMs, as they 

are often the target of lawsuits and may have 

a stake in a query’s response.47 Still, an LLM’s 

architecture, such as using dataset training 

“cutoff” dates, may mitigate against retroactive 

manipulation.48 Also, there are practical prob-

lems in successfully manipulating a dataset 

consisting of billions of data points—and, if a 

whistleblower were ever to publicize such an 

effort, that LLM’s credibility, and its owner’s 

stock value, would surely take a hit.

Ex Machina
Judge Newsom’s final caution was whether 

relying on LLM output might set us down the 

royal road to robot judges.49 This result seems 

highly unlikely since human judgment and 

discretion are central to our ideal of justice 

and to fair dispute resolution. Moreover, Judge 

Newsom is not suggesting that LLMs should be 

employed differently from any other judicial 

or legal tool—but simply as an aid to and not a 

substitute for wisdom and the human element.

Best Practices
If LLMs are used in the legal arena to aid 

in interpretation, Judge Newsom suggests 

some ways to maximize their utility: (1) clar-

ify one’s objective and fashion one’s query 

appropriately; (2) because LLMs are highly 

sensitive to prompts and often respond with 

varying answers, try different prompts and 

disclose the prompts and results; (3) seek not 

just answers, but also have the LLM rate the 

confidence level with which it calculates the 

accuracy of its response, such as high, low, or 

ambiguous; and (4) consider the fact that the 

meaning of words may change over time, so 

that the dataset upon which an LLM is trained 

may “bound” its response.50 This “temporality” 

issue is discussed more fully below.

Temporality 
A thorny issue is the fact that LLMs are con-

stantly being updated by regularly scraping the 

internet and other sources of information in 

an ongoing effort to stay current and expand 

their knowledge base. Moreover, their under-

lying algorithms may also be simultaneously 

tweaked. In today’s world of “originalists,” who 

seek the original intended meaning of words 

as used in the time and place of their utterance 

or publication, there may be a need for a “time 

machine” function that limits query responses 

to data generated before a particular date or 

during a particular time frame.

Convergent “Facts” 
Judge Newsom’s discussion and analysis im-

plicate a related concept emerging from the 

widespread use of LLMs. This is the possibility 

LLMs are creating a less biased source of in-
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NOTES

1. Snell v. United Specialty Ins. Co., 102 F.4th 
1208, 1221–34 (11th Cir. 2024).
2. Avery, “Introducing the ‘Hard’ Problem 
of Artificial Legal Intelligence,” 101 NYU L. 
Rev. Online 116, 117–18 (Apr. 2026), https://
nyulawreview.org/online-features/introducing-
the-hard-problem-of-artificial-legal-intelligence. 
See also Grimmelman et al., “Generative 
Misinterpretation,” 63 Harv. J. on Legis. 229 
(Winter 2026) (arguing that “LLMs are not 
yet fit for use in judicial chambers” due to 
reliability (consistency) and epistemic (validity) 
gaps, rendering them socially illegitimate, and 
diving deeply into how LLMs actually work 
from a technical and programming standpoint 
in founding their criticism). Grimmelman et 
al. criticize Arbel and Hoffman, “Generative 
Interpretation,” 99 N.Y.U. L. Rev. 451 (2024), 
upon which Judge Newsom’s concurrence in 
Snell, 102 F.4th 1208, partly relied.
3. See Compass Ins. Co. v. Littleton, 984 P.2d 

606, 613 (Colo. 1999) (quoting Chacon v. Am. 
Fam. Mut. Ins. Co., 788 P.2d 748, 750 (Colo. 
1990)).
4. See Simon v. Shelter Gen. Ins. Co., 842 P.2d 
236, 240 (Colo. 1992).
5. Id. See also Compass Ins. Co., 984 P.2d at 
617 (policy to be “interpreted according to the 
understanding of the average purchaser of 
insurance”).
6. Travelers Indem. Co. v. Howard Elec. Co., 879 
P.2d 431, 434 (Colo.App. 1994).
7. Turner, Insurance Coverage of Construction 
Disputes § 1:11 (2d ed. Dec. 2025 update) (“Most 
policies provide the definitions of certain terms 
of art used in the policy in an effort by insurers 
to avoid policyholders’ claims of ambiguity”). 
8. See Travelers Indem. Co., 879 P.2d at 
434–35 (insurance industry term “allocated loss 
adjustment expense” is ambiguous, warranting 
admission of extrinsic evidence to ascertain 

formation distinct from the internet silos and 

informational echo chambers that pervade our 

world.51 As one commentator argues, “LLMs are 

a kind of anti-social media,”52 opening the door 

for people to access less purposefully biased 

information.53 Access to alternate conclusions 

unmoored from the so-called left and right 

wings and mainstream media information 

sources that pervade our world and shape our 

perspectives may prove to be useful.

Anecdotal LLM Test
In the fall of 2023, this author wrote a two-

part article on the emerging use of LLMs in 

legal practice.54 Given how much LLMs have 

advanced, the article seems like it was written 

so very, very long ago: much about LLMs has 

changed and improved, and the universe of 

their promise and peril has expanded. 

Since that article was published during the 

summer of 2023, the author has conducted 

a regular and quite amateurish test of LLM 

capabilities. He has asked various LLMs to 

summarize the history and rules of “Wilderness 

Frisbee,” a not very well-known game for which 

the author believes there is only one published 

source of information: the August 2025 issue 

of Colorado Lawyer.55 In a sense, the query 

has asked for the meaning of the term “Wil-

derness Frisbee.” To the author’s amusement 

(and bemusement), for nearly three years no 

two queries out of the dozens he inputted 

produced the same response, even from the 

same LLM. Moreover, with each succeeding 

month, the LLM responses incorporated more 

and more hallucinations—often to the point 

where the game and its creators were almost 

unrecognizable.56 Maybe this was a lousy or 

unfair test—the relevant dataset is tiny, so all 

I got in response to my queries was a “scrape” 

of the article, with the LLM “filling in” the 

blanks it gleaned with its best prediction of 

what the missing text said. However, to my 

surprise, while editing this article during June 

2026, the hallucinations disappeared and the 

three leading LLMs generated accurate and 

consistent responses to my queries. Still, 

at a minimum, this experience highlights a 

potential vulnerability and weakness in turning 

to LLMs for help.
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Conclusion
Technology is progressing, if not accelerating, 

much more quickly than people can imagine.57 

The future is coming at us faster than ever. 

Judge Newsom warns that the future of AI is 

already here, and that lawyers and judges need 

to understand it more fully, and to appreciate 

its power and influence within the legal system 

so it can be used responsibly, even if a lot of 

questions about its use and abilities remain.58

Epilogue
Just before this article was heading to the 

typesetter, Judge Newsom and his chief law 

clerk, Alana Frederick, co-authored “Meaning, 

Understanding, and Contextual Textualism.”59 

In that law review article, they argue that 

there is a significant difference between 

the “ordinary meaning” and the “ordinary 

understanding” of words and phrases, and 

that context distinguishes the two.60 They 

posit that “contextual textualism” recognizes 

“that extratextual presuppositions are often 

subliminally and inextricably baked into” one’s 

understanding of the written word—whether 

that word appears in contracts, statutes, or our 

Constitution.61 

The authors remain convinced that LLMs 

offer a unique potential and may provide useful 

insight into the ordinary person’s understanding 

of words and phrases.62 In exploring their thesis, 

the authors maintain their sense of humor by 

analyzing US Supreme Court Justice Breyer’s 

“Great Snail Debate” (Does a teacher carrying 

a basket of live snails on a train need to buy the 

snails a ticket since the train’s policy requires 

tickets for animals?)63 and Professor H.L.A. 

Hart’s “No vehicles in the park!” legendary 

hypothetical (Are bikes and toy cars “vehicles” 

subject to being fined?).64 The authors conclude 

that “meaning is clean, abstract, and academic,” 

while “understanding is organic and gritty”; that 

“on-the-ground conversational and cultural 

context” matters; and that LLMs may provide a 

path to a greater understanding of the meaning 

of words and phrases.65  
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the parties’ understanding of the agreement). 
See also Sorensen v. USAA Cas. Ins. Co., No. 
24CA0035 ¶ 8, 2024 WL 4850221, at *2 (Colo.
App. Nov. 21, 2024) (unpublished) (Colorado 
gives insurance policy words and phrases 
“their plain, everyday meaning and may not 
force strained constructions”; “[b]ut when a 
contract is within a trade or technical field, 
like insurance, and unless a different intent is 
manifested, technical terms and words of art 
are given their technical meaning when used 
in a transaction within their technical field.” 
(quoting People ex rel. Rein v. Jacobs, 2020 CO 
50, ¶ 43) (citation modified))). 
9. Miller v. Hartford Cas. Ins. Co., 160 P.3d 408, 
410–11 (Colo.App. 2007) (court looked to three 
different dictionary definitions of “long-term”). 
See also Hecla Mining Co. v. N.H. Ins. Co., 811 
P.2d 1083, 1091 (Colo. 1991) (court turned to 
three different dictionary definitions to clarify 
undefined word “sudden” as used in insurance 
policy); Cyprus Amax Mins. Co. v. Lexington Ins. 
Co., 74 P.3d 294, 304 (Colo. 2003) (looking to 
dictionary definition to explain the ambiguous 
term “property damage”).
10. Snell, 102 F.4th at 1222. 
11. Id. at 1221–34.
12. Id. at 1221.
13. Id. at 1222 (quoting Scalia and Garner, 
Reading Law: The Interpretation of Legal Texts 
69 (Thomson/West 2012)).
14. Snell, 102 F.4th at 1223.
15. Id. at 1225.
16. United States v. Deleon, 116 F.4th 1260 (11th 
Cir. 2024).
17. Id. at 1261.
18. Id. at 1261–64.
19. Id.
20. Id. at 1270.
21. Id. 1270–71.
22. Id. at 1272–75.
23. Id. at 1273.
24. Id. at 1274–75.
25. Id. at 1275.
26. Id. at 1277.
27. Id. 
28. See Henry and Adams, “The Eleventh 
Circuit Just Gave Us a Roadmap for Using 
AI to Interpret Insurance Policies—And 
Coverage Lawyers Should Pay Attention,” 
Bradley, It Pays to Be Covered (blog) (Mar. 
16, 2026) (summarizing and analyzing Judge 
Newsom’s concurrence in Snell, and discussing 
“best practices” when using LLMs), https://
www.itpaystobecovered.com/2026/03/
the-eleventh-circuit-just-gave-us-a-
roadmap-for-using-ai-to-interpret-insurance-
policies-and-coverage-lawyers-should-pay-
attention/?utm_source=mondaq&utm_
medium=syndication&utm_
content=sourceoriginal&utm_campaign=.
29. As Judge Newsom puts it, “LLMs can 
provide useful statistical predictions about 
how, in the main, ordinary people ordinarily use 
words and phrases in ordinary life.” Snell, 102 
F.4th at 1226. See also id. at n.7 (discussing how 

these “statistical predictions” are arrived at). 
Judge Newsom, “unabashedly a plain-language 
guy,” adds that “[t]he ordinary-meaning rule’s 
foundation in the common speech of common 
people matters here because LLMs are quite 
literally ‘taught’ using data that aim to reflect 
and capture how individuals use language in 
their everyday lives.” Id. at 1222, 1226, 1228 n.11. 
30. Id. at 1227. 
31. Id. at 1228.
32. See Wikipedia, “Generative Pre-Trained 
Transformer,” https://en.wikipedia.org/wiki/
Generative_pre-trained_transformer. It seems 
both ironic and quaint to cite Wikipedia for this 
general definition. 
33. Snell, 102 F.4th at 1227–28.
34. Id. at 1228.
35. Id. While the typical legal researcher might 
not think to look in the Urban Dictionary, 
that online dictionary’s dataset may be a 
part of what an LLM “scrapes” in formulating 
a query response. Where else might one 
find the definition of “gorehound” and other 
neologisms (i.e., newly coined words and 
phrases, or giving existing words brand-new 
meaning)? See Gorehound, Urban Dictionary, 
https://www.urbandictionary.com/define.
php?term=Gorehound. Three Tenth Circuit 
district court judges have cited the Urban 
Dictionary. See Keenan-Coniglio v. Cumbres & 
Toltec Scenic Operating Comm’n, 769 F.Supp. 
3d 1216, 1239 n.11 (D.N.M. 2025) (collecting 
cases, and noting that in the matter at hand, 
“‘dictionaries le[ave] a little something to 
be desired’” (quoting Snell, 102 F.4th at 1223 
(Newsom, J., concurring))). The court added 
that “instead of relying solely on the dictionary 
definition—the Court has looked to Wikipedia 
and Urban Dictionary” for the “contemporary 
meanings and usage” of “gringo” and “guero” 
in a race discrimination case, and observed 
that, “These resources have value, too.” Id.
36. Snell, 102 F.4th at 1228–29.
37. Id. at 1229 (quoting Scalia and Garner, “A 
Note on the Use of Dictionaries,” 16 Green Bag 
2d 419, 422 (2013)).
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